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ABSTRACT
We report on collecting truthfulness values (i) by means of crowdsourcing and (ii) using fine-grained scales. In our experiment we collect truthfulness values using a bounded and discrete scale with 100
levels as well as a magnitude estimation scale, which is unbounded,
continuous and has infinite amount of levels. We compare the two
scales and discuss the agreement with a ground truth provided by
experts on a six-level scale.
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INTRODUCTION

Checking the validity of statements is an important task to support
the detection of rumors and fake news in social media. One of the
challenges is the ability to scale the collection of validity labels for
a large number of statements.
Fact-checking has been shown as a task difficult to be performed
in crowdsourcing platforms.1 However, crowdworkers are often
asked to annotate truthfulness of statements using a few discrete
values (e.g., true/false labels).
Recent work in information retrieval [8, 13] has shown that using more fine-grained scales (e.g., a scale with 100 levels) presents
some advantages with respect to classical few levels scales. Inspired
1 https://fullfact.org/blog/2018/may/crowdsourced-factchecking/
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by these works, we look at different truthfulness scales and experimentally compare them in a crowdsourcing setting. In particular,
we compare two novel scales: a discrete scale on 100 levels, and
a continuous Magnitude Estimation scale [11]. Thus our specific
research question is: What is the impact of the scale to be adopted
when annotating statement truthfulness via crowdsourcing?
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BACKGROUND

Recent work looked at the methods to automatically detect fake
news and fact-check. Kriplean et al. [6] look at the use of volunteer
crowdsourcing to fact-check embedded into a socio-technical system similar to the democratic process. As compared to them, we
look at the more systematic involvement of humans in the loop to
quantitatively assess the truthfulness of statements.
Our work looks at experimentally comparing different schemes
to collect labelled data for truthful facts. Related to this, Medo and
Wakeling [10] investigate how the discretization of ratings affects
the co-determination procedure, i.e., where estimates of user and
object reputation are refined iteratively together.
Zubiaga et al. [16] and Zubiaga and Ji [17] look at how humans
assess credibility of information and, by means of a human study,
identify key credibility perception features to be used for automatic
detection of credible tweets. As compared to them, we also look at
the human dimension of credibility checking but rather focus on
which is the most appropriate scale for human assessors to make
such assessment.
Kochkina et al. [5] and Kochkina et al. [4] look at rumour verification by proposing a supervised machine learning model to
automatically perform such a task. As compared to them, we focus
on understanding the most effective scale used to collect training
data to then build such models.
Besides the dataset we used for our experiments in this paper,
other datasets related to fact checking and the truthfulness assessment of statements have been created. The Fake News Challenge2
addresses the the task of stance detection: estimate the stance of
a body text from a news article relative to a headline. Specifically,
the body text may agree, disagree, discuss or be unrelated to the
headline. Fact-checking Lab at CLEF 2018 [12] addresses a ranking
task, i.e., to rank sentences in a political debate according to their
worthiness for fact-checking, and a classification task, i.e., given
a sentence that is worth checking, to decide whether the claim is
2 http://www.fakenewschallenge.org/

